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5. The innocent young man was of stealing the mobile phone from a passenger, which

turned out to be groundless.

A. charged B. blamed
C. punished D. accused
6. - 1”
--- “Thank you. I’'m going to attend a wedding ceremony.”
A. How smartly dressed you are B. How smartly dressed are you
C. How smart dressed you are D. How smart dressed are you
I IR AR
Text1

(D The first wave of excitement about generative artificial intelligence (Al) was like
nothing else the world had seen. Within two months of its launch in November 2022, ChatGPT
had racked up 100 million users. An entirely new industry centered on supercharged Al models
is taking shape. Three forces will determine what it eventually looks like—and whether OpenAl,
ChatGPT’s creator, stays dominant, or other players prevail.

@ The first factor is computing power, the cost of which is forcing model-builders to
become more efficient. Faced with the eye-watering costs of training and running more
powerful models, for instance, OpenAl is not yet training its next big model, GPT-5, but GPT-
4.5 instead, a more efficient version of its current leading product. That could give deep-
pocketed rivals such as Google a chance to catch up. Gemini, the tech giant’s soon-to-be-
released cutting-edge model, is thought to be more powerful than OpenAlI’s current version.
High computing costs have also encouraged the increase of much smaller models, which are
trained on specific data to do specific things. Open-source models are also making it easier for

people and companies to plunge into the world of generative Al.
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@ All these models are now fighting for data—the second force shaping the generative-
Al industry. The biggest, such as OpenAl’s and Google’s, are ambitious: they are trained on
more than 1 trillion words, the equivalent of over 250 English-language Wikipedias. As they
grow bigger, they will get hungrier. But the internet is close to being exhausted. Many model-
makers are therefore signing deals with news and photography agencies. Others are racing to
create “synthetic” training data using algorithms; still others are trying to work with new forms
of data, such as video.

@ Generative Al’s hunger for data and power makes a third ingredient more important
still: money. Many model-makers are already turning away from ChatGPT-style programs for
the general public, and looking instead to fee-paying businesses. Another approach is to appeal
to software developers, in the hope of getting them addicted to your model and creating the
network effects that are so prized in tech.

® Who will emerge victorious? Firms like OpenAl, with its vast number of users, and
Google, with its deep pockets, have a clear early advantage. But as long as computing power
and data remain constraints, the rewards for clever ways around them will be large. A model-
builder with the most efficient approach, the most ingenious method to synthesize data or the
most appealing pitch to customers could yet steal the lead. The hype may have cooled. But the
drama is just beginning.

7. What are the three forces that shape the generative-Al industry?
A. ChatGPT, OpenAl and Google.
B. Computing power, data and money.
C. Software, network and media.
D. Users, developers and tech giants.
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